=oREs o2 72| EXIE sHEoh=71?

ScRLE 7|2 HI0|E] 4 S3E MH[A

M|crosoft Azure

Cloocus Partner | EST! - | |
MSP Final Update 2021-09-01 | Produced by Cloocus Data Analytics Dept. Copyright © Cloocus



Ol Why Cloud?

- Cloud H|0|E{ 24
 Cloocus H[O|E A1 MH|A
« Databricks

02 | A dlolE] 24 AL
A

- MYUE ZE At

—

03 Use Case

- 28 X A
 Starbucks A2 YOtE= =2 0|5

04 | =R20Z=Demo

« Databricks 271
e Demo




Ol
/Why Cloud?

e CloudH|0|E| &
« Cloocus H[0|E| 241 MH|A
e Databricks



Cloud H|0[E &4

off St 7|ute] oo E

> > N0 = 4 [

g0 [H JI m© Jx
U5 mroJm
40 © nH lot
XA T 0 o
e rE In
w T )
=2 =2
e 0z bt
o *2 k>
o > “ﬂ
—_ OF
o
2 °
Mo O

e Etmo
Az
oju

X| &, pay as you go
(CPU, GPU)

|> o
r

2las Y Its

Cloud: networked computing facilities
providing remote data storage and
processing services via the internet.

Reliable
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Cloud? =4

“2021 Q2 222 E Ot 42| 4209 & TE”

- Synergy Research

“Fortune 500 7|9 52| 22t2E 7[X|= 1= 2] HO{”

- McKinsey & Company
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(Data Analytics as a Service)
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Cloocus DAaaS (Data Analytics as a Service)
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Databricks

Data Analytics Process
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02. M HE HO|H E4 AlLt2|2

Advertising and Marketing

)
&

Campaign reporting
analytics
« CRM
+ Merchant records
+ Products
+ Services
* Marketing data

Sales and campaign
optimization

Predictive
analytics
transforms growth

00o
1M1

Effective customer
engagement

« Customer profiles
« Online history
+ Transaction data
+ Loyalty

Customer value analytics

Enhance user experience
with machine learning

»
K30

Brand promotion and
customer experience

+ Social media
+ Online history
« Customer service data

Sentiment
analysis

Improved customer
engagement with
machine learning

15

()

8 &

Recommendation
engine

+ Customer segmentation
« CRM data
» Credit data
* Market data

Next best and personalized
offers

Improved outcomes
and increased revenue

Cloocus
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02. M HE HO|H E4 AlLt2|2

Financial Services

Risk and revenue
management

+ Transaction data
+ Demographics
+ Purchasing history
+ Trends

Risk, fraud,
threat detection

Enhanced customer
experience with
machine learning

Recommendation engine

+ Clickstream data
 Products
« Services

« Customer service data

Marketing
analytics

Improved customer
engagement with
machine learning

1

Risk and compliance
management
« CRM
« Credit
* Risk
* Merchant records
* Products and services

Next best and personalized
offers

Transform growth
with predictive
analytics

16

Effective customer
engagement

« Customer profiles
+ Credit history
« Transactional data
e LTV
* Loyalty

Credit Analytics

Faster innovation
for a better
customer experience

Cloocus
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Media and Entertainment

Consumer engagement

analysis

+ Content metadata
* Ratings
« Comments
+ Social media activity

Sentiment
analysis

Improved consumer
engagement with
machine learning

Information
optimization
+ Consumption logs
Clickstream and devices
+ Marketing campaign
responses

Recommendation engine

Enhance user experience
with machine learning

0Q0
(o

!'I
Effective

customer retention

« Customer profiles
+ Online activity
+ Content distribution
+ Services data

Customer churn prevention

Improved consumer out
comes and
increased revenue

17

Content Personalization

« Customer profiles
+ Viewing history
« Online activity
+ Content sources
+ Channels

Content personalization

Faster Innovation for cus
tomer experience

Cloocus
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Use Cases 2|H|

Recommendation System

« Shopping History
« Online Activity
* SNS Analysis

Next best and personalized
offers

Faster innovation
for customer
experience

Consumer Engagement
* Shopping history
+ Online activity
* Floor plans
+ App data

Store design and ergonomics

Improved consumer outc
omes and
increased revenue

O
=) ulg]

Inventory Allocation

+ Demographics
* Buyer perception
« Consumer research
+ Market/competitive analysi
s

Assortment optimization

Predictive
analytics
transforms growth

18

02. M HE HO|H E4 AlLt2|2

Inventory Optimization

+ Demand plans

* Sales history
Trends
+ Local events/weather patte

rns

Data-driven stock,
inventory, ordering

Diverse shopping
experience with
machine learning

Cloocus
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2R0= A 03. Use Case

McKinsey & Company Research on the Impact of Demand Forecasting

McKinsey
& Company

10-20% —‘— Accuracy improvement




R0 ZF A0 03. Use Case

McKinsey & Company Research on the Impact of Demand Forecasting

A Consumer-Driven Supply Chain Starts with Demand Forecasting

What is Demand Forecasting?
Demand forecasting is the process
where we use historical sales,
promotions, shopper and causal data

To understand and predict

customer demand.

< databricks 21 Cloocus



2R0= A 03. Use Case

Retail Supply Chain Demand Forecast

Orders Store shipments Sales

In-store purchases

Buy-online, pickup
in store (BOPIS)

!

Shipments E-commerce shipments to consumers

E-commerce
delivery

CPG Direct-to-consumer shipments
Subscription

Distribution
Centers

Manufacturers Retail Stores Shoppers

22 Cloocus



2R0= A 03. Use Case

. . Intrastore
Retail Supply Chain shipments Demand Forecast
, Inventory levels
Production plan
Reorder quantity Store shipments
Orders Store shipments Sales In-store purchases

Buy-online, pickup
in store (BOPIS)

DC shipments

!

Shipments

E-commerce shipments to consumers

Home delivery logistics E-commerce
delivery

CPG Direct-to-consumer shipments

- — Subscription
Home delivery logistics P

Distribution
Centers

Manufacturers

Retail Stores Shoppers

23 Cloocus



Starbucks AHH| 2 LOtEH = £Q 0= 03. Use Case

Forecasting has utility across business functions

Market Planning
Promotions Operations Labor Delivery
Equipment Usage

Rl

|

DIGITAL

PARTNERS PRODUCTS

PORTFOLIOS

28 Cloocus



Starbucks Al 2 LOtE= £ O|& 03. Use Case

Challenges

Many metrics and granularities

Timely delivery

Easy accessibility for business stakeholders

Iterative nature of data science

Accuracy

 Quick diagnostics

29 Cloocus
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Example structure

Create custom forecasts
for any use case

with relative ease

03. Use Case

Historica Custom data
| Metric (ADLS)

4
Y

8 Build dataset

Model 1 Model 2 o Model n

— ~,

Compile results

N\

To stakeholders

Enterprise data
(DB Delta)

To data products
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Databricks On Cloud

04. =20|% Demo

“Cloud A0 w210, 214 Apache SparkE i EstH & 7158t 2t A S M 2L Ct?
spQ<"Z + /A Microsoft dW$S D

Google Cloud

€ Azure Databricks

Azure Databricks E%! 47}X|
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Citi Bike: Bike Share System
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Citi Bike: Bike Share System
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Summary 05. @OF

Cloocus DAaaS Summary

Cloocus - Data Analytics as a Service
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