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Collaboration with 2 people

Databricks®| =ES2Z EDA, HIO|H &4, & ot5 5SS WY = ULt

\Workspace # Home
L}
oan Analysis -
Workspace v Users v
L ® demo-cluster \Filew [l View: Code v @ Run Al # Clear v =1 8Schedule  #Comments
Shared » sl @cloocus.corr v .
8 Sharec bl ! 5 P)l'ﬂ'lﬂl'l v v — X To demonstrate, in this next cell, we'll load the silver_loan_stats table from the loans database that we created in the previous notebook.
8 Users v - co sta.onmiv.
[ File_load_write - - ) ) Y g P .
Change the language in this I seLect +
- d I > — FROW silver_loan_stats
. + WHERE int_rate > 6.24
fal \"d ¥ -
- eu . onmicry. C_"'”b' selecting one below. i ORDER BY int_rate ASC
- ev nmicros.> Markdown Lot's }
B cloocu: r v loan_status int_rate ~ revol_util issue_d earliest cr line emp_length ~ verification status ~ total pymnt loan_amnt grade annual_inc dti ~ addr_state ~ terr
™o O F",f‘lhcn {NUtEbUGk dEfBU H:' Fully Paid 6.39 55 Apr-2015  Dec-1999 8 Not Verified 8962.76 8400 A 120000 1433 NY 36
mon
Surel Updated
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n Q —— —
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Fully Paid 6.39 a7.5 Apr2015  Jan-2005 10 Verified 9670.3837188228 9000 A 93000 1822 TX 36
reate Noteboo saL -
Fully Paid 639 01.4 May-2015  Aug-1997 7 Verifiod 6765.3000000055 6400 A 115000 2747 CA 36
o
=1 Fully Pais 6.39 83.2 Apr2015  Dec-1974 10 Verified 21151,09 20000 A 300000 10.19 SO 6
Python mor
Name e
Scala “rieie

SQL

-

Cluster | customer-analysis (270 GB, Run %

Anytime the result of a SQL query or Spark command returns a DataFrame, the result will automatically be displayed in a 1
using Databricks built-in visualizations. The visualization engine can perform aggregations, counts, and group bys on the | 0
play with different visualizations quickly, without knowing exactly what they are looking for right away. works pace * 0 ne Ce nt ral pl ace to
store and share notebooks,
N experiments, and projects backed
FRON 31Lver_losn_stats with role-based access control.

+ W 30000000-40000.
B 20000000-30000
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agei2 | | ‘ g False
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9 Updating— \ﬂ\ o
jotebook /
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- = Register Model
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Aure okt " AaureData - - . \\ False
DataLake Lake < Admin Approval /H Using the previous Model
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False
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Using the previous Model
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Model Serving on Databricks
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REST Endpoint
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UASLICE.

Inference with simple request

Maodel Versions Maodel Events Cluster 5ettings

Model Versions

Sha3} Al

Version 1 ® Read .
g Version 1
Model URL: @

https://adb-2732377089277677.17.azuredatabricks.net/model/test_model/1/invocations ]

* Call the model

Request @ Response @
{ [0.2]
“columns": ["sepal length (cm)","sepal
width (cm)","petal length (cm)”,"petal
width (ecm)"],
"data":[[5.2,3.4,1.3,0.31,[6.0, 3.1, 5.0,
1.811]
}
g g

Send Request
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B Demo

1. Azure Databricks AutoML
2. Azure Databricks MLflow
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. TYPICAL DATA PIPELINE
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. Delta Live Table

Delta Live Tables understands and coordinates
data flow between your queries

Delta Live Tables Pipeline

CREATE LIVE TABLE raw_data as SELECT * FROM cloud_files(“/data”,”json")

CREATE LIVE TABLE clean_data as SELECT ... FROM LIVE. raw_data

@dlt.table
def scord_records():

return read(”clean_data").map(lambda d: model_score(d))

B = ©
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SQL, Python, R, Scala S Spark Engine 7|t2| 210{E AF2510{ ETL PIPELINES

2/25/2022,926:02 AM - @ Completed

raw_data

clean_data

g Delta Live Tables SQL Pipeline ¢ o o

_gokd_ sl for

T v_raw_yotow_twd T b

m
« (Ul

scored_records

= v.ret_1axi_zone
Al @inlo Wam @ Eror QF
© 4 minutes ag flow progress
e ninutes age flow_progress.
flow_progress
flow_pragress
e inutes a update progress

bronze_tau y = i sitver_yolow
= thi_gola_union_tx
V.ot taxi_paymo. i sbver_taxi_pa. .
_sbver_taxi_ratos
v.ret tai rate o,
w_groen_taw - l_bronze_tax._o £0l_skver_green_ t

-
ter

Flow 'tbi_goki_tax_for_analysis’ has COMPLETED.

Flow 'tbi_silver_taxi_payments’ has COMPLETED.

Flow "bl_silver_taxi_rates’ has COMPLETED

Flow ‘thl_goid_union_tax has COMPLETED,

Update 161ad5 is COMPLETED,

R ... R
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total_amount: dout
payment_type: in

pickup_hour.
pickup_day_of week: intager
pickup_month
pickup_year:
pickup_minut
pickup_seconds:

dropoft_month:
dropoff_year: inte
dropoft_minute: inte

dropoff_seconds: decimak8 &)
& Data Quality

® Written

Dropped

Expectations
Name Acton
valid_trip_distance DROP
valid_passenger_count DROP

Z} Flow & CIOJE] 2| =M 2 stelet = 1S (ex: Apache Airflow)
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Permissions Settings
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Schedule ~ -Shn v

77.9% (61,752,707)

22.1% (17,506,422)

Failures Only

Failed

1% 3
L= Fecords

o 221% 17484277

02% 176524
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B Demo

- Delta Live Table Demo
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